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SIMD Element-wise (1M)

Signal Convolution

Statistical Moments

Matrix Multiplication (1000x1000)

FFT (1M points)

52.5

Operation SciRS2 (ms) NumPy/SciPy (ms) Speedup
SIMD Element-wise (1M) 0.71 10.06 14.17x
Signal Convolution 21 52.5 25 .0x
Statistical Moments 1.8 45.3 25.2x
Matrix Multiplication (1000x1000) 18.5 D235 1.25x
FFT (1M points) 8.7 1456 1.32x
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Python (Pandas) & Rust (PandRS) @ 1— RLt#

Python with Pandas Rust with PandRS
# Python (pandas) // Rust (pandrs)
import pandas as pd use pandrs::prelude::;

use std::collections: :HashMap;

df = pd.read_csv("data.csv")
| let df = DataFrame::read_csv("data.csv", CsvReadOptions::defal

i PESUl Ga=t(
| df[df["age"] >= 18] let result = df
| .groupby(["city", "occupation"]) filter("age >= 18")?
| .agg( .groupby(vec!["city", "occupation"])?
| income_mean=("income", "mean"), .agg(HashMap: : from([(
income_median=("income", "median"), "income".to_string(), |
) vec!["mean", "median"], |
| .sort_values("income_mean", ascending=False) T2 |
) .sort_values(vec!["income_mean"], vec![false])?;
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scikit-learn "StandardScaler ERBADT
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[/ RFBREOETI [/ Cfithe, EFILIZEBBEAREICERS

let model = LinearRegression::new(); let trained_model =
model.fit(&x_train, &y_train)?;

ff X AT IS—: let predictions =

[/ FPBEFINTIRFRHTIZQ trained_model.predict(&x_test)?; // OK

let predictions = model.predict(8x);
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PyTorch  ToRSh PyTorch ToRSh
'SciRS2' t DRLHE O— K Lt8: (PyTorch vs ToRSh)
"ToRSh™ (318D SciRS2" 7 L — FZ100%fie. BEADL7L—LA [ # pyTorch // ToRSh
DY, 5920 ~SMEy F0=0, BEMGH, N | (Mmoo
Eﬁﬂ‘ft?)bjU Zh&#ﬁfﬁifcﬁ%ﬂ?‘#ﬂﬁﬁﬁ?ﬁ W relu = nn.ReLU() , let mut relu = ReLU::new(); o
T A— .f-lu output = relu(linear(input)) let output = relu.forward(&linear.forward(&input)?)7;
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